
Linear Regression ´ Classifitication

ü Nearest Neighbor hood Regression

ü Kernel Regression Æ SVM

ü Linear Regression by Least Squre Method
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Least Squares LR (Linear Regression)
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ü Minimization Error
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ü Exam

W

  w0 w1 w2 w3 w4 w5 

X

  1 x y x2 xy y2 

z  w0  w1x  w2y  w3x2  w4xy  w5y2

Z  X W

W  XX1XY

 1q0 x1
q1 x2

q2 … xm
qm  QmCQ

m Input, Q degree , q0, q1, …, qm
i0

m

qi  Q

22C2 
43

21

 6







1q0 xq1 yq2 1 x y x2 xy y2

q0 2 1 1 0 0 0
q1 0 1 0 2 1 0
q2 0 0 1 0 1 2







130521_Linear_Regression.nb 2



Multivariate Regression

y = w1 x1 + w2 x2 + …+ wm xm
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Bayesian Linear Regression

Py  w, x  Normalmean w x, var 2

ü Maximum likelihood estimation of w

Pw  y1, y2, …, yn, x1, x2, …, xn
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ü Maximium likelihood w ä Minimizes sum of squares of residulas
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Maximum Likelihood estimation of w
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MLE (Maximum Liklihood Estimator)

ü Regression with varying noise

yiNw xi, i
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MLE estimate of w

ü Minimize the weighted sum of squares
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